Over 11 million undocumented persons reside in the United States, and there has been a heated debate over the impact of legislative or executive efforts to regularize the status of this population. This paper examines the determinants of earnings for undocumented workers. Using newly developed methods that impute undocumented status for foreign-born persons sampled in microdata surveys, the study documents a number of findings. First, the age-earnings profile of undocumented workers lies far below that of legal immigrants and of native workers, and is almost perfectly flat during the prime working years. Second, the unadjusted gap in the log hourly wage between undocumented workers and natives is very large (around 40 percent), but half of this gap disappears once the calculation adjusts for differences in observable socioeconomic characteristics, particularly educational attainment. Finally, the adjusted wage of undocumented workers rose rapidly in the past decade. As a result, there was a large decline in the wage penalty associated with undocumented status. The relatively small magnitude of the current wage penalty suggests that a regularization program may only have a modest impact on the wage of undocumented workers.
Community Surveys. These attempts build on the framework first proposed by Warren and Passel (1987) that attempts to estimate the size of the undocumented population. The PasselWarren methodology, in fact, underlies the "official" estimates of this population as reported by DHS.
Jeffrey Passel (now at the Pew Research Center) and various colleagues have continued to improve and extend the initial methodology over the past two decades. As part of this work, they have constructed micro-level CPS files that contain a variable indicating if a foreign-born person is "likely authorized" or "likely unauthorized." I was granted access to the [2012] [2013] Annual Socioeconomic and Economic Supplements (ASEC) created by the Pew Research Center that contains the undocumented status identifier. After carefully examining the Pew methodology, I adapted and extended their approach so that I could create an undocumented status identifier in other micro data files, including all the ASEC files where foreign-born status is reported (i.e., all the ASEC files beginning in 1994) and the American Community Surveys (ACS). This extension of the Pew approach yields a time series of individual-level data that allows us to document and examine the determinants of key characteristics of the undocumented population. Borjas (2018) began such an analysis by studying differences in labor supply behavior among undocumented immigrants, legal immigrants, and natives. The differences in work propensities were striking. Undocumented men had much larger labor force participation and employment rates than other groups in the population; the gap widened substantially over the past two decades; and the labor supply elasticity of undocumented men was close to zero, suggesting that their labor supply is very inelastic. In contrast, undocumented women had much lower participation and employment rates than other groups in the population.
Building on this earlier work, this paper extends the analysis to an examination of the wage differences that exist among the various groups. The analysis of both the CPS and the ACS yields a number of potentially important findings:
1. The (cross-section) age-earnings profiles of undocumented workers lies far below that of legal immigrants and of native workers. Moreover, the (cross-section) age-earnings profile of undocumented workers is almost perfectly flat during much of the prime working years.
2. Although the unadjusted gap in the log hourly wage between undocumented workers and natives is large (around 40 percent for both men and women), half of the gap disappears after adjusting for differences in observable socioeconomic characteristics. The wage gap between observationally equivalent undocumented workers and natives (adjusted for age, education, and state of residence) is less than 20 percent for both men and women.
3. The adjusted wage of undocumented workers rose rapidly in the past decade, relative to that of both native workers and legal immigrants.
4. The rise in the adjusted wage of undocumented workers implies that the wage penalty to undocumented status fell dramatically in the past few years. This wage penalty, defined as the wage gap between observationally equivalent undocumented and legal immigrants, was about 10 percent in 2005, but fell to less than 4 percent by 2014. The small magnitude of the current wage penalty suggests that the enactment of a regularization program may only have modest effects on the wage of undocumented workers.
5. The higher employment rates of undocumented men imply that the total earnings gap (the gap that includes both the difference in the wage rate and differences in labor supply) is far smaller than suggested by the gap in the hourly wage rate. In contrast, the lower employment rates of undocumented women imply that the total earnings gap is far larger than suggested by the gap in the hourly wage rate.
This diverse set of findings provides a foundation upon which any eventual impact analysis of the various regularization proposals can be based. It is important to acknowledge at the outset, however, that the robustness of the evidence depends on the validity of the procedure used to impute undocumented status at the micro level. Warren and Passel (1987) introduced the "residual" methodology used by the DHS to calculate the size of the undocumented population. The first step involves estimating how many legal immigrants should reside in the United States at a point in time. Over the years, immigration officials have tracked the number of legal immigrants admitted to the country (i.e., the number of "green cards" granted each year). We also know how many foreign-born persons live in the United States temporarily (e.g., foreign students, business visitors, diplomats, etc.).
II. Imputing Undocumented Status in Microdata Files
These data enable us to apply mortality tables to the cumulative count of green cards and predict how many legal immigrants should be residing in the United States at any given point in time.
At the same time, many government surveys, such as the decadal census, enumerate or sample the U.S. population and specifically ask where each person was born. These surveys provide estimates of how many foreign-born people are actually living in the country. In rough terms, the difference between the number of foreign-born persons who are actually living in the United States and the number of legal immigrants who should be living in the United States is the Warren-Passel (and now "official" DHS) estimate of the number of undocumented persons. 1 Jeffrey Passel has continued to work on the identification and enumeration of undocumented immigrants over the past two decades. As a result of these efforts, Passell (and colleagues at the Pew Research Center) have developed a comparable methodology that attempts to identify the undocumented immigrants at the individual level in survey data. This important extension of the Warren-Passel methodology relies on the same residual approach that was initially used to calculate the size of the undocumented population. Passel and Cohn (2014) describe the methodology used to add an undocumented status identifier to the Annual Social and Economic Supplement (ASEC) files of the CPS. In rough terms, the methodology identifies the foreign-born persons in the sample who are likely to be legal, and then classifies the residual group as likely to be undocumented. In particular:
All immigrants entering the U.S. before 1980 are assumed to be legal immigrants.
Then, the CPS data are corrected for known over-reporting of naturalized citizenship on the part of recently arrived immigrants…and all remaining naturalized citizens from countries other than Mexico and those in Central America are assigned as legal. Persons entering the U.S. as refugees are identified on the basis of country of birth and year of immigration…Then, individuals holding certain kinds of temporary visas (including students, diplomats and "hightech guest workers") are...assigned a specific legal temporary migration status…Finally, some individuals are assigned as legal immigrants because they are in certain occupations (e.g., police officer, lawyer, military occupation, federal job) that require legal status or because they are receiving public benefits (e.g., 1 Note that government surveys, including the decadal census, miss many people. Some of the people missed are undocumented immigrants who wish to avoid detection. To calculate an estimate of the size of the undocumented population, the Warren-Passel methodology must make an assumption about the undercount rate. The DHS assumes that the undercount for undocumented persons is 10 percent (Baker and Rytina, 2013, p. 6). welfare or food stamps) that are limited to legal immigrants. As result of these steps, the foreign-born population is divided between individuals with "definitely legal" status…and a group of "potentially unauthorized" migrants…[There is also] a check to ensure that the legal statuses of family members are consistent; for example, all family members entering the country at the same time are assumed to have the same legal status (Passel and Cohn, p. 23 ). Passel and Cohn (2014) observe that this approach leads to "too many" undocumented immigrants. They then apply a filter to ensure that the counts from the microdata agree with the reported DHS numbers: "To have a result consistent with the residual estimate of legal and unauthorized immigrants, probabilistic methods are employed to assign legal or unauthorized status to these potentially unauthorized individuals." The CPS sample is then reweighted so that the aggregate count of undocumented immigrants matches as closely as possible the DHS estimates.
I was granted access to the 2012-2013 ASEC files that are maintained by the Pew Research Center. Figure 1 illustrates the percent of the U.S. population by age that is imputed to be undocumented in the Pew ASEC files. The DHS official counts imply that 3.7 percent of the U.S. population is undocumented. The Pew files suggest that a very high fraction (almost 10 percent) of persons in their early 30s are undocumented.
After being granted access to the Pew ASEC files (but not to the underlying code), I examined the demographic characteristics of those persons identified as undocumented immigrants in the pooled 2012-2013 cross-sections. Despite the inherent complexity in the residual method of identifying the subsample of the likely undocumented, it turns out that only a relatively small number of variables "matter" in the mechanical process of creating the undocumented identifier. This fact suggests that it may be possible to reverse engineer the method to create a comparable undocumented identifier in all of the ASEC files since 1994 as well as in other data sets. The residual group of all other foreign-born persons is then classified as undocumented.
Unlike the Pew methodology, my reconstruction of the undocumented identifier does not involve any kind of probabilistic sampling to account for the "excess" number of undocumented immigrants that this method yields, nor does it reweight the data to ensure that the total counts of the undocumented match the DHS official counts.
As Figure 1 shows, the predicted fraction of undocumented immigrants in the population at any particular age is essentially the same regardless of whether I use the Pew files or the reconstructed CPS files. This similarity suggests that it may be possible to extend the exercise to create an undocumented status identifier for all foreign-born persons sampled by the CPS throughout the entire 1994-2014 period, as well as extend the methodology to other microdata files, such as the American Community Surveys (ACS), which contain much larger samples of the population.
I applied the algorithm to the pooled 2011-2012 ACS files, and Figure 1 also illustrates the age profile in the fraction of the population that is undocumented. 2 It is evident that the fraction of persons who are imputed to be undocumented closely tracks the fraction predicted by the Pew CPS files, suggesting that the ACS can perhaps be fruitfully used to study differences in the wage structure among the various groups. It is crucial to emphasize yet again, however, that the validity of the evidence obviously depends on the accuracy of the process used to impute undocumented status in the original Pew algorithm. In the absence of administrative data on the characteristics of the undocumented population, it is not possible to quantify the direction and magnitude of any potential bias. Table 1 reports summary statistics for the male sample of working natives, legal immigrants, and undocumented persons in each of the three data extracts (i.e., the Pew CPS files, my reconstruction of the CPS files, and the ACS). The sample is restricted to men aged 25-64 who are not enrolled in school, are not self-employed, and report positive wage and salary income, positive weeks worked, and positive usual hours worked weekly.
There is a lot of similarity in the characteristics of the three groups across the data extracts. The fraction of the population that is undocumented is 6.9 percent in the Pew CPS, 7.4 percent in the reconstructed CPS, and 6.8 percent in the ACS). The average age of undocumented immigrants is practically identical in all three files (at 37.2 years). Similarly, 45.5 of undocumented persons in the Pew files are high school dropouts, as compared to 42.2 percent in the reconstructed ASEC files, and 43.7 percent in the ACS files.
I also calculated the hourly wage rate for each worker in the sample (defined as wage and salary income divided by the product of weeks worked in the past year and usual hours worked weekly). Table 1 shows that the log wage gap between undocumented workers and natives is similar across the data sets. The wage disadvantage of undocumented workers is -0.455 log points in the Pew CPS; -0.452 log points in the reconstructed CPS; and -0.404 in the ACS data.
III. Wage Differences across Groups
I begin by examining the determinants of the differences in the log hourly wage rate across the various groups. Initially, I use the pooled 2012-2013 ASEC files created by Passel and colleagues at the Pew Research Center and restricted to workers aged 21-64, as well as the reconstructed CPS files and ACS files described in the previous sections that cover the same time period. 3 Throughout this section, I will pool the two cross-sections and treat them as a single data set.
It is useful to begin by simply illustrating the differences in the age-earnings profiles across the three groups implied by the raw data. Figure 2 shows the age-earnings profiles in the sample of working men, while Figure 3 shows the corresponding profiles in the sample of working women. Figure 4 summarizes by contrasting the age-earnings profiles of undocumented workers across the three data extracts. The figures suggest a number of interesting findings that are common across the different data sets examined.
First, and most important, the (cross-section) age-earnings profiles of undocumented workers lie far below those of the other two groups and are relatively flat. At the age of 25, for example, the hourly wage of undocumented workers in the ACS is 0.23 log points below that of natives and 0.17 log points below that of legal immigrants. By age 45, the wage gap between natives and undocumented immigrants rose to 0.51 log points, while the wage gap between legal immigrants and undocumented workers rose to 0.39 log points.
Second, note that the pattern of lower and flatter age-earnings profiles for undocumented workers is observed both among working men and among working women. In each case, the hourly wage rate of undocumented workers reveals remarkably little growth during the prime working years between the ages of 30 and 50.
Finally, as Figure 4 shows, the three alternative data sets show very similar age-earnings profiles for undocumented workers. In other words, the application of the reverse-engineered Pew algorithm to alternative data sets provides a consistent picture of earnings over the life cycle for undocumented workers. It is worth noting that the much larger samples available in the ACS smooth out the year-to-year noise.
It is important to emphasize that it is difficult to interpret the cross-section age-earnings profiles of both legal, and particularly, undocumented workers as measuring some type of wage evolution over the life cycle. It is well known (Borjas, 1985) that cross-section age-earnings profiles of immigrants are affected by both assimilation effects, the wage growth that occurs as a particular immigrant gets older, and by cohort effects, the differences in earnings potential across waves of immigrants that entered the United States at different times. The wage evolution of the undocumented sample is also affected by the fact that some of the undocumented will be able to "filter themselves" out and obtain green cards as they age, joining the legal sample, and by the fact that changes in the legal infrastructure regulating illegal immigration (such as nonenforcement of existing laws or enactment of new penalties) might affect the flow of undocumented workers in and out of the country over time. Some of these issues are discussed in greater detail in subsequent sections.
To document the determinants of the large wage disadvantage experienced by undocumented workers, particularly when compared to native workers, I estimated the following regression model: The first two columns of Table 2 report the regression coefficients for men, while the last two columns report the respective coefficients for women. Each panel in the table reports the estimated coefficients in each of the three alternative data files. As row 1 of each panel shows, the unadjusted log wage gap between undocumented immigrants and natives is -0.46 in the Pew files; -0.45 in the reconstructed CPS, and -0.40 in the ACS. It is evident that much of the wage gap between undocumented immigrants and natives can be explained by differences in educational attainment. The education-and age-adjusted wage disadvantage of undocumented men reported in row 3 falls to -0.18 in the Pew CPS, -0.19 in the reconstructed CPS, and -0.15 in the ACS. Even after adjusting for the fact that undocumented immigrants tend to cluster in a small number of states, the wage disadvantage of undocumented workers relative to natives remains sizable, hovering around -0.20 log points in the various data extracts.
The regression coefficients also imply that even holding age, education, and state of residence constant, there is a wage gap between legal immigrants and undocumented workers.
Depending on the data set examined, this "wage penalty" to undocumented status ranges between 10 and 12 percent. The determinants and trends in this wage penalty will be discussed in much greater detail in the next section.
The last two columns of Table 2 report the respective wage gaps in the female workforce.
It is again evident that undocumented workers earn about 20 percent less than natives, after controlling for the various socioeconomic characteristics, and that there is a wage penalty to undocumented status, again ranging around 10 to 12 percent.
Note that the ACS provides similar estimates of the wage gaps as the CPS and that it provides a much larger sample for examining the earnings of undocumented workers. As a result, it may be fruitful to use the ACS to document trends in the wage of undocumented workers over I estimated the regression model in equation (1) for each separate year in the ACS between 2001 and 2014 (separately for men and women). The two panels of Figure 5 illustrate the key trend in the wage gaps (i.e., the coefficients β 1 and β 2 ) between the two types of immigrants and the baseline native workforce. The figure illustrates the trend in both the unadjusted wage gap (as in row 1 of Table 2 ), and the wage gap adjusted for age, education, and state of residence differences (as in row 4 of the table).
The relative wage of legal immigrant men has shown little trend in the past 15 years.
Note further that the adjusted wage gap for legal immigrants is smaller than the unadjusted wage gap, implying that part of the relative success of legal immigrants arises because they have slightly more valuable observable characteristics. The adjusted wage gap for legal immigrants has hovered at around -0.1 log points over much of the past 15 years.
In contrast, the adjusted wage gap for undocumented immigrants is far above the unadjusted wage, implying that much of the poor performance of undocumented immigrants arises because they lack observable socioeconomic characteristics that are valued in the labor market. Equally important, the adjusted relative wage of undocumented immigrants began to increase around 2008. In 2007, the adjusted wage gap between undocumented men and natives was -0.25 log points. By 2014, this statistic had shrunk to -0.16 log points. In other words, there was a decline in the wage disadvantage of undocumented men of about 10 percentage points in a very short time period. it is also evident that there was also an improvement in the earnings of undocumented women, although the improvement was smaller for women (about 7 percentage points).
The relatively constant adjusted wage of legal workers and the increase in the wage of undocumented workers suggest that there was an important shrinkage in the wage penalty arising because of undocumented status. I estimate the regression models (separately for each gender):
IV. Trends in the Wage
where w j gives the hourly wage of group j (j = L for legal immigrants and U for undocumented immigrants); and h j gives a vector of socioeconomic characteristics that affect earnings (including a constant term). The coefficients in the vector βL give the payoff to these socioeconomic characteristics for legal immigrants, while the respective coefficients in the vector βU gives the payoff for undocumented immigrants.
The wage penalty associated with being an undocumented worker is then given by:
where s U h gives the mean value of the characteristics for undocumented immigrants. It is obvious from equation (3) Table 3 reports the differences associated with a particularly important socioeconomic characteristic, years of educational attainment. It is evident that the rate of return to schooling (i.e., shorthand for the coefficient of years of schooling in the log wage regression)
is highest for native workers, and lowest for undocumented immigrants. Among men in the ACS, for example, the rate of return to schooling is 0.112 for native workers, 0.079 for legal immigrants, and 0.061 for undocumented immigrants. Table 4 reports the wage penalty using alternative specifications of the vector of socioeconomic characteristics, h. The wage penalty to undocumented status is obviously best identified when the exercise adjusts for as many of these observed characteristics as possible.
The vector h, therefore, includes age, educational attainment, years since migration, and state of residence. In the larger ACS sample, the regression also includes country of birth. It is notable that the wage penalty to undocumented status was relatively small circa 2012-2013, ranging between 5 and 8 percent for men, and 3 to 11 percent for women.
I also used the Oaxaca decomposition to calculate the wage penalty (using the full specification that includes country of birth) in each year of the ACS. Figure 6 illustrates the trend in the wage penalty for both men and women. The figure reveals a very interesting trend: The penalty was relatively constant until about 2007, at which point the wage penalty to undocumented status began to shrink (i.e., the wage penalty became less negative). In 2005, for example, the wage penalty for men was 9.1 percent; by 2010, the wage penalty stood at 5.7 percent; and by 2014, the wage penalty had fallen to 3.4 percent. The trends illustrated in 4 The comparable trend estimated in the reconstructed CPS is noisier, but also suggests a drop in the wage penalty after 2010. The difference between the trends calculated in the two data sets may arise for several reasons. First, there are well-known differences in the evolution of wages as measured by the CPS and the ACS. Second, the smaller CPS sample likely generates more random noise. And, finally, the value of the years-since-migration variable for newly arrived immigrants is not fully consistent across CPS cross-sections, contaminating the predicted wages. The decline in the CPS estimate of the wage penalty is more consistent with the ACS trend when that variable is excluded from the CPS regressions.
It is difficult to identify precisely which factor is driving the observed decline in the wage penalty to undocumented status. One stumbling block is that the composition of the undocumented population has changed in unknown ways during this period. To determine whether such state-level legislation affected the wage penalty, I stacked all the 2001-2014 ACS cross-sections and estimated the following regression model in the pooled sample of legal and undocumented immigrants: The first row of Table 5 reports the estimates of the triple-difference coefficient γ in the ACS. The evidence shows that the coefficient is positive and significant when estimated in the sample of men, with a point estimate of 0.019 (and a standard error of 0.008). As reported earlier, the male wage penalty in the post-2010 period hovered around 5 percent, so that the state-level restrictions on undocumented employment seemed to have increased the wage penalty by around 40 percent. In short, it seems as if the legal infrastructure surrounding undocumented status matters in the labor market. 8 Note,
however, that although the point estimate of the coefficient γ is also positive for women, it is not significant. It is difficult to ascertain the reasons for the weak effect measured in the sample of working women, but the evidence may be indicating that the labor force participation of undocumented women may be particularly sensitive to state-specific restrictions, making it more difficult to identify how the wage penalty is affected by the legislation.
The next two rows of Table 5 Finally, to assess the robustness of the evidence, I estimated the regression in equation (3) using the reconstructed CPS data that contains the undocumented identifier.
To make the CPS analysis comparable to that of the ACS, I restricted the CPS sample to the 8 Several studies examine labor market outcomes following adoption of the E-Verify program, including Amuedo-Dorantes and Bansak (2012), Bohn, Lofstrom, and Raphael (2015) , and Orrenius and Zavodny (2015) . The specific findings differ from study to study, but both Amuedo-Dorantes and OrreniusZavodny document a worsening in the wage of undocumented immigrants after the mandated adoption of the electronic system.
2002-2015 surveys. The CPS evidence is, in fact, similar to that revealed by the ACS. The mandated use of E-Verify increased the wage penalty for undocumented men, but the point estimate (although positive) is not statistically significant for undocumented women.
In sum, the state-level evidence suggests that the legal environment faced by undocumented workers affects their labor market opportunities. The secular decline in the wage penalty paid by undocumented workers documented in Figure 6 , however, partly reflects economy-wide changes in the set of opportunities available to the undocumented population. It would seem important to detail the specific aspects of the changed nationwide environment that reduced the average wage penalty so dramatically after 2008.
V. Labor Supply and Annual Earnings
Up to this point, the analysis has examined the determinants of the hourly wage rate of undocumented workers relative to that of other workers. Borjas (2018) shows that there are sizable differences in labor supply between undocumented workers and both natives and legal immigrants. In particular, undocumented men are much more likely to work than other men, while undocumented women are far less likely to work than other women. In the early 2010s, for example, the typical undocumented man had a 92 percent probability of being employed at some point during the calendar year, as compared to 85 percent for legal immigrants, and 81 percent for native men. In contrast, the typical undocumented women had a 61 percent probability of working, as compared to 64 percent for legal immigrants, and 72 percent for native women.
These sizable labor supply differences imply that the gaps in the hourly wage rate do not provide complete information on the differences in the economic well-being of the groups.
I now extend the analysis to examine how group differences in labor supply affect the total earnings of persons in each of the groups. In particular, I shift the focus of attention to an analysis of the annual earnings of undocumented workers, legal immigrants, and natives, and estimate the difference in annual earnings both in the sample of working persons (as in the previous section) as well as in the sample of all persons, which include all the persons who did not work at all during a particular year. Table 6 summarizes the key evidence resulting from this exercise. Specifically, the table reports regression coefficients from specifications similar to equation (1) . Note that the dependent variable is not the log of annual earnings because the purpose of the exercise is to include in the analysis those persons who do not work and, therefore, have zero earnings. For simplicity, the table reports the coefficients resulting from the Pew CPS files and the much larger ACS files. It is evident that the two data extracts lead to roughly similar results, so that the discussion focuses exclusively on the results from the analysis that uses the larger ACS data.
Among working men, the adjusted annual earnings of undocumented workers in the early 2010s was about $9,900 lower than that of native men in the ACS. Note, however, that if we include all persons in the regression, including the non-workers with zero annual earnings, the relative disadvantage of undocumented men narrows significantly, with the gap in annual earnings falling to only $4,100. Among women, the opposite is true because undocumented women are less likely to work than other women. The adjusted gap in annual earnings among working women is $6,900, but grows to $8,000 if one includes the non-working women with zero earnings in the analysis.
One easy way to interpret the numerical importance of these effects is to restate the adjusted annual earnings gaps in percentage terms, which I construct by dividing the dollar gap implied by the regression coefficient by the mean annual earnings of natives. In addition, I estimated the regression model separately in each ACS cross-section. 
VI. Summary
The past decade has witnessed a series of attempts to create some type of "path to citizenship" for the over 11 million undocumented immigrants now residing in the United States. The analysis yields a number of new insights into the determination of earnings for the large undocumented population:
1. The age-earnings profiles of undocumented workers lies far below that of legal immigrants and of native workers. Moreover, the age-earnings profile of undocumented workers is almost perfectly flat during the prime working years.
2. The unadjusted gap in the log hourly wage between undocumented workers and natives is large (around 40 percent for both men and women). Half of this gap disappears once the calculation adjusts for differences in observable socioeconomic characteristics, including age, education, and state of residence. It is important to emphasize that the analysis reported in this paper represents but a first step in any evaluation of the various regularization proposals being discussed among policy makers. Much more information about the economic well being of the undocumented population needs to be documented before a full evaluation can be made. Similarly, it is crucial to continue to assess the validity of the imputation methods that must be used to determine a person's undocumented status in large survey data. 
B. Women
Notes: The figures illustrate the trend in the regression coefficient of dummy variables indicating whether a person is a legal immigrant or an undocumented immigrant, and the dependent variable in the regression is the log hourly wage rate. The unadjusted coefficient comes from a regression that does not include any additional regressors; the adjusted coefficient comes from a regression that controls for age, educational attainment, and state of residence. Notes: The wage penalty is the adjusted difference between the log hourly wage of undocumented and legal immigrants calculated in the ACS. It is calculated using the Oaxaca decomposition [see equations (2) and (3) in the text], adjusting for differences in age, educational attainment, state of residence, years-since-migration, and country of birth. The Oaxaca decomposition is conducted separately in each cross-section. Notes: The wage penalty is the adjusted difference between the log hourly wage of undocumented and legal immigrants calculated in the ACS. It is given by the regression coefficient of a dummy variables indicating whether a person is an undocumented immigrant, the dependent variable is the log hourly wage rate, and the regression is estimated separately in each cross-section using the sample of all foreign-born workers. The regression adjusts for age, educational attainment, state of residence, and country of birth. 
B. Adjusted percent earnings gap, women
Notes: The figures illustrate the trend in the regression coefficient of dummy variables indicating whether a person is an undocumented immigrant, and the dependent variable in the regression is total annual earnings, relative to average earnings in the cell. The unadjusted coefficient comes from a regression that also controls for whether the person is a legal immigrant, age, educational attainment, and state of residence. The "workers only" regression only includes persons with positive annual earnings; the "all persons" regression includes non-workers and assigns a value of zero to their annual earnings. Notes: Standard errors are reported in parentheses and are clustered at the state level. The statistics reported in the table are the coefficients of an interaction between a dummy variable indicating whether a worker is a legal immigrant and whether that worker lived in a state-year cell that mandated all employers to use E-Verify to authenticate the employment eligibility of job applicants. The regressions are estimated in the sample of foreignborn workers and pool all the indicated cross-sections. All regressions include the variable indicating whether the state-year cell mandates the use of E-Verify and a fourth order polynomial giving the number of years since migration. The number of observations for the ACS regressions are 982,147 for men, and 789,816 for women. The number of observations for the regressions using the sample of new immigrant men (women) in the ACS is 33,928 (19,385) ; the number of observations for the regressions using the sample of older immigrant men (women) in the ACS is 719,045 (609,842). The number of observations for the CPS regressions are 89,669 and 67,698 for men and women, respectively. 
